NONOVERLAPPING DOMAIN DECOMPOSITION FOR INSTANTANEOUS OPTIMAL CONTROL
OF FRICTION DOMINATED FLOW IN A GAS-NETWORK

GUNTER LEUGERING

ABSTRACT. We consider a non-overlapping domain decomposition method for an optimal control problem related to the
flow of gas in a pipe network. The equations of motions are taken to be represented by a friction dominated model derived
from a semi-linear approximation of the fully nonlinear isothermal Euler gas equations. This involves a p-Laplace-type
problem on the graph with p = % We continue the work [11] where such a problem has been discussed in the context
of an instantaneous control strategy. We provide a non-overlapping domain decomposition in the spirit of P.L. Lions for
elliptic problems and extend the method to the first order optimality system.

1. INTRODUCTION

1.1. Modeling of gas flow in a single pipe. The Euler equations are given by a system of nonlinear hyperbolic
partial differential equations (PDEs) which represent the motion of a compressible non-viscous fluid or a gas. They
consist of the continuity equation, the balance of moments and the energy equation. The full set of equations is
given by (see [5,12,13,16]). Let p denote the density, v the velocity of the gas and p the pressure. We further denote
g the gravitational constant, A the friction coefficient of the pipe, D the diameter, a the area of the cross section.
The state variables of the system are p, the flux ¢ = pv. We also denote ¢ the the speed of sound, i.e. ¢* = ‘;—z (for
constant entropy). For natural gas we have 340 . In particular, in the subsonic case (|v| < c), the one which we
consider in the sequel, two boundary conditions have to be imposed on the left end and one at the right end of the
pipe. We consider here the isothermal case only. Thus, for horizontal pipes
B_p + i(,Ov) =0
(1.1) ot Ox
0 0 2 A
E(pv) + a(p +pv7) = ~5pP? |v] .

In the particular case, where the we have a constant speed of sound ¢ =, /%, for small velocities |v| < ¢, we arrive
at the semi-linear model

(Z—p + g(pv) =0
(1.2) rooox

0 ap A
E(Pv) + Fr _E’DU lv] -
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If we further neglect the inertia with respect to the flux and introduce ¢ = pva, we arrive at

ap 9 _
ot a dx'
1.3
(- ap? Ac? )
E=—ﬁ4|4|=1—7 qlql.

We now set y := p? and obtain from the second equation in (1.3)

oy
Y oy
Ox

With o := ZZ we obtain

9y
(1.4) 9y _ aﬁ_x:()

Yoy ox

dy
ax
We introduce the monotone function B(s) := \/S|_| With this (1.4) reads as
0 o _dy
1.5 — - —pB(=)=0.
(L) o BOY) = 5B
It is also possible to write this down in the p-Laplace format: (1.4) reads as
7] _ 0 (,0y,,_,0y
1.6 —(IyIP72y) - — [I==1P2=| =0
(16) “at(m y) ax(|ax| ax) ’

where p = % Equation (1.6) has come to be known as doubly nonlinear parabolic equation of p-Laplace type. See
e.g. [14], [4]. Notice that p < 2 and that the system is, therefore, singular for % y(x) = 0. For p > 2 such equations
exhibit instead degeneration. Equations similar to (1.5) have been considered in the literature, see e.g. [2,3]. In
this contribution, we aim at a discussion of such equations together with optimal control problems on networks.
A more recent study of doubly nonlinear parabolic equations in the context of friction dominated flow has been
provided in [1]. Equations of the type (1.5) are known to exhibit positive solutions and satisfy a maximum principle.
As a matter of fact, to the best knowledge of the authors, there are no studies on optimal control of such systems
on general graphs available from the literature besides [11]. We note that the doubly nonlinear parabolic problem
associated with the friction-dominated flow on a network has been considered in the thesis [15]. Optimal control
problems for the p-Laplace operator have been studied since the 1980ies, see e.g. [6]. Moreover, in [17] an optimal
control problem for the p-Laplace equation p > 2 has been recently considered. See also [8] for a problem of
optimal control in the coefficient for the p-Laplace equation, again for p > 2.

The plan of this article is to first recall the network modelling from [11] (also presented in [15]), formulate the
optimal control problem together with its instantaneous (rolling horizon) approximation via a time discretization.
The resulting static optimal control for each time step is then turned into the corresponding first order optimality
system, which, in turn, is then handled via the proposed non-overlapping domain decomposition. We note that such
non-overlapping domain decompositions have not been considered in the literature so far with the exception of [9],
where, for p > 2, a similar problem without control has been considered, however, with a different updating rule that
is more related to a GauB3-Seidel-type iteration based on a Peacman-Rachford scheme and, hence, is not completely
parallel.



1.2. Network modeling. Let G = (V,E) denote the graph of the gas network with vertices (nodes) V =
{ni,n2,...,ny 1} = {n;|j € J anedges E = {ej,ez,...,eig|} = {ejli € I'}. We associate to each edge a
direction.
—1, if node n; if the the edge e; starts at node ne;,
dij =1 +1, ifnode n; if the edges ¢; end at node ne;,
0, else.

The pressure variables y;(n;) coincide for all i € I; = {i € 1,...E|d;; # 0}. We express the transmission

conditions at the nodes in the following way. We introduce the edge degree d; := |Z;|. Then the continuity
conditions read as follows
1.7 vi(nj,t) =yi(nj,t), Vi,k € I;, d;j > 1.
The nodal balance equation for the fluxes can be written as the classical Kirchhoff-type condition
(1.8) Zdijﬁ(axyi(nj,z)) =0, d; > 1.
iel;

We use the d; in order to decompose the index set for nodes . into J = JM U gS, where TM = {j € Jldj > 1}
represents the multiple nodes and J° = {j € J|d i = 1} the simple nodes. According to Dirichlet or Neumann
boundary conditions a the simple nodes, we further decompose J5 = jg u jj\f }. We summarize the equations as
follows:

a;0:B(yi(x,1)) — 0x (B(Oxyi(x,1)) =u;, i € I, x € (0,¢), t € (0,T)
yi(nj,t) = yi(nj,1), Yi,k € I;, j e I, 1 € (0,T)
D diiBOxyi(n;,0) =0, j e T, 1€ (0.T)
(1.9) iel;
yilnj, 1) =0,i € I;,j € J5, t € (0,T)
dijB(dxyi(nj,t) =u;(t), i€l je Ty, t€(0,T)
Ppi(x,0) = pio(x), qi(x,0) = gio(x), x € (0,),

where the functions u;,i € I, u;,j €€ 1;,j € j]§ serve as controls.

Optimal control problems and outline. We are now in the position to formulate optimal control problems on the
level of the gas networks. We first describe the general format for an optimal control problem. This involves a cost
function that assigns to each admissible pair (y, u) a ’cost’ I(y, u), which is represented on each individual edge by
a contribution on the state /;(y) and the controls acting at simple nodes. The typical example, the one that we will
use in the sequel is given by

D) = i)~ WP xe (0.6),r € (5.2)

T ¢ T
24
in I(y,u) := I;(y))dxdt + = (1)|?dt
v 10 =35 [ [ rovasares 3 [
L0 0 J€IN 0
(1.10) s.t.
(y, u) satisfies (1.9),
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(1.11) E:z{(y,u):XiSyisii,iGI,QSujSu_j,jejlg}.

In (1.11), the quantities Vo y; are given constants that determine the feasible pressures and flows in the pipe i, while
u;, u; describe control constraints. In the continuous-time case the inequalities are considered as being satisfied for
all times and everywhere along the pipes. To the best knowledge of the authors, for problem (1.10) - in particular
with the additional constraints (1.11)- no published result on well-posedness and characterization of optimal controls
seems to be available in the literature. As in [11], we penalize the control costs using v > 0 and restrict ourselves
to time discretizations of (1.10) and, in fact, to the instantaneous control regime that has come to be known also as
rolling horizon problem.

1.3. Time discretization. We, therefore, consider the time discretization (1.9) such that [0, T] is decomposed into

break points tp = 0 < #; < -+ < ty = T with widths My i=tyel —th,n=0,...,N—1 (weuse N + 1 as the
number of break points which is not related to N as indicating Neumann conditions). Accordingly, we denote
vi(x,tn) =yin(x),,n=0,...,N — 1. We consider a semi-implicit Euler scheme.

1 1
Eﬁ(yi,nu)(X) = Ox (B(0xyins1(x))) = Eﬁ(yi,n)(X), iel, xe(0,4)
Yine1(n) = Yins1 (n), Vi,k € I;, j e M

D difB(0xyins)(n)) =0, j € TV

(1.12) &
ﬁ(axyi,nﬂ)(”j) = uj,rH-l, d] = 1, i€ I], ] c jI;/S
Yins1(nj) =0,i € I;, j € I
yio(x)=yiox),iel, xe(0,4),n=1,...,N—1.

We then obtain the optimal control problem on the time-discrete level:

N G N
min 100 =Y [ e S Y Y luf
iel n=1 0 ng]g n=1
(1.13) s.t.
(v, u) satisfies (1.12)

It is clear that (1.13) involves all time steps in the cost functional. We would like to reduce the complexity of
the problem even further. To this aim, we consider the so-called instantaneous control regime. This amounts to
reducing the sums in the cost function of (1.13) to the time-level #,,;. This strategy has also come to be known as
rolling horizon approach, the simplest case of the moving horizon paradigm. Thus, foreachn =1,...,N — 1 and
given y; ,, we consider the problems

(i
y
min I(y,u) = I;(yi)dx + = u;il?
min 1(y.) ZI/ 0de+ 3 Y
€L o JEIN
(1.14) s.1.
(y, u) satisfies (1.12) at time level n + 1.
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It is now convenient to discard the actual time level n + 1 and redefine the states at the former time as input data. To
this end, we replace «; := ﬁ, fl.] = ;i (yi.n), rewrite (1.12) as

@iB(yi) (x) = 0x (BOxyi(0)) = f (), i € I, x € (0,)
yi(nj) = yk(ny), Vi.k € I;, je gV
(1.15) D difBOxy)(n) =0, j e T

ielj
ﬁ(@xyl)(n,) =uj, dj = 1, I € Ij, J € jl\?‘
vi(nj)=0,i€I;, jeJ,

We now consider in the rest of the paper the following optimal control problem:

;

min 1) =Y, [ n0drel Y gl
iel jeTs
(1.16) s.1.
(y, u) satisfies (1.15).

Wellposedness of (1.15) has been discussed in [11]. We recall the results as follows.

Theorem 1.1 ([11]). For f € ;c7L3(0,6), u € RIIN | problem (1.15) admits a unique weak solution y € V.

Even though, the mapping S(-) is differentiable in R \ {0}, the control-to-state-mapping u — y* is not Giteaux
differentiable for p < 2. This has already been observed in [7]. However, the control-to-state-map is continuous.
By the continuity of 3(-) and the strong convergence of y* to y° in V, we obtain

Theorem 1.2 ( [11]). The mapping u — y*, where y* solves (1.15) is continuous between RIIN! and V.

2. OPTIMAL CONTROL

As for the existence of optimal pairs (y, u) for the optimal control problem (1.16), we cite

Theorem 2.1 ([11]). The optimal control problem (1.16) admits a unique solution (y,i) € V X RIIN I,
5



Theorem 2.2 ( [11]). There exists p € V satisfying together with the optimal pair (3, i) the first order optimality
condition.

@) ~ B (BO3)) = ~pin 1€ 1, v € (0,6)
@i (31)i = 0x (B (0:3:0xPi)) = k(15i = Y 1P (i = y{). i € I, x € (0, 6)
Fi(ny) = 5x(nj), Vi.k € Ij, pi(nj) = pi(nj), Vi.k € Ij, j e T¥
D diiB(9:5)(n)) =0, j e TM
iel;
@D S iy (0,50 (1) pi(ny) =0, j € T
iel;
B3 (nj)=dj, dj=1,i€l; je Ty
B (0:3:)(n))dxpi(n;) =0, d;j =1, i€ I;, j € Jy
Fi(nj) =0,pi(nj) =0i €I, j €Ty

ﬁié(l’lj)+VI/_tj=0, iEIj,jGjI{?.

3. DOMAIN DECOMPOSITION

We now embark on our domain decomposition method. To fix ideas and for the sake of simplicity, we take a
serial network consisting of two links first and discuss cutting out stars from a network afterwards. Moreover, also
for the sake of simplicity, we discuss in these notes distributed controls only. Boundary controls will be covered in
a forthcoming publication.

We introduce the two consecutive intervals 17 := (0, 1), I := (1, 2) and look into the optimal control problem

& ¢
2 G 2 G
. K dr v 2
= =yl dx + = i|°d
min - ;_I/Iyl villde+ 3 ;_I/Iull x
=10 =10
3.1 s.t.
Bi(}’i) - ax(ﬁi(axyi) =u;,i=12, x€l;

y1(0) =0, y2(2) =0,
yi(1) = y2(1), B1(0xy1)(1) = B2(0xy2)(1).

We easily derive the corresponding optimality system.

1
ﬂi()’i) _ax(ﬁi(ax)’i)) = _;pi’i = 1’2’ X € ]i

B (yi)pi — Ox (B (0xyi)0xpi) = k(Iyi = Y2 (vi —yD),i= 1,2, x € I;
(3.2) y1(0) =0, y2(2) =0,
p1(0) =0, p2(2) =0,
yi(1) = y2(1), B1(0xy1)(1) = B2(9xy2) (1),
pi(1) = pa(1), B1(dxy1)(1)0xp1(1) = B5(dxy2(1))0xp2(1).
6



We propose the following iterative domain decomposition method.

,31()’ +1) - a (,Bt(ax +1)) n+1 i— 1 2 X € ]
B — 8, (Bi(0xy o pit!) = K(Iy"+1 YAy = yd,i= 1,2, x e I
3.3) yi0) =0, 3 (2) =

p0) =0, p2“<2>

(3.4) diiBi(0xy!™ (1) + oy (1) + up*' (1) = =dij B (x5 (1)) + oy (1) + pp'f (1) := A7
(3.5) dtj,B (Oxy +1(1))8x "+1+0'l71+1(1) ,uylnﬂ(l)—_duﬁ (axy](l))ax +l(1)+0'pj(1)_,uy]'(1) = p;l

with parameters o, ¢ > 0. The iteration (3.3), (3.4), (3.5) is started at n = 0. We notice that the decomposed
optimality system (3.3), (3.4), (3.5) can be seen as the optimality system for the virtual control problem on each
edge, with solution y, p updated at the iteration index n + 1.

. L 2 . n2
L{TI; {J(u,y)+ o i;2[|gz| +|uyi + o7 ]}
(3.6) S. t.

Bi(yi) = 0x(Bi(0xyi)) =uii=1,2, x € I;
diiBi(0xyi(1)) +oyi(1) = A} +g;, i=1,2, y1(0) =0,y2(2) =0

The proof of this very important feature is left to the reader. It is analogous to the linear result in [10]. We wish to
show the convergence of this iteration, when n — oo. To this end, we introduce the errors

(3.7 Jr=yl =y pl=pl —pii=1,2, n=1,2,3...... ,

We subtract the state equations and the adjoint equations and obtain the system in terms of the errors.

BT + i) = Bi(vi) — 0x (Bi(Ox T + 0x31)) — Ox (Bi(0xy:)) ———ﬁf’” i=12 xel;
BiFH +yi) it = Ox (B (0! + Oxyi)0x P
(3.8) = —(BI(F +yi) = BIyi))pi + (B(0x 57! + Bryi) = B (8xyi))Dxpi)
+ k(P 4y =y 2 v =y = Uy =y i =y = gli= 1.2, x € I;
~n+1(0) -0, %m(z) _
~n+1(0) g+1(2) —



together with the iteration of the transmission conditions

B1(0xFTH (1) + 0xy1 (1) = B (Bxy1 (1) + o3 (1) + upt (1)
= B2(0x 75 (1) + 0xy2(1)) = B2(9xy2(1)) + 0§75 (1) + upa (1)
(3.9 = (B8 55 (1) + Bxya(1) = Ba(Bxy2(1))) + 35 (1) + ups* (1)
= —(B1(0xF (1) + dxy1 (1)) = B1(8xy1 (1)) + o571 (1) + ppT (1)
BLOFT (1) + 05y 1 (D) (0x P (1) + 0xp1 (1) = B (8xy1)Bxp1 (1) + o p (1) — gt (1)
(3.10) = B5(0x 5 (1) + 0. y2(1)) (055 (1) + 82 p2 (1) = B5(Dxy2(1)dxpa(1)) + o5 (1) — u55 (1)
— (B5(0x 35 (1) + B y2 (1)) (0 5™ (1) + By pa(1)) = B3 (8 y2(1)0xp2 (1)) + 5™ (1) — s (1)
= —(B1 (BT (1) + Bxy1 (1) (Bx P + 0xp1 (1)) = B1(8xy1(1D))Dxp1 (1)) + o (1) — uF} (1).

We introduce

X" :=(B1(0xy} (1) = Bi(Bxy1 (D) + o5 (1) + pup' (1),
(3.11) = (B2(0xy5 (1)) = B2 (8xy2 (1)) + o3+ (1) + pupy (1),
B1(0xyT (1) p (1) = B1(dxy1)0xp1 (1) + op (1) — it (1),
— (B5(0xy5(1))8xp5 (1) = B5(3xy2(1))Bx p2 (1)) + o p (1) — 5 (1))

We also introduce

TX" = (B2(0xy5 (1)) = B2(0xy2(1)) + 95 (1) + up5 (1)
(3.12) = (B1(0xy1 (1)) = B1(0xy1(1))) + o F] (1) + upi (1)
B5(0xy5(1))0xp5 (1) = B5(0xy2(1))0xp2(1)) + o p5 (1) — us (1)
= (B1(0xY1(1))0xp (1) = B1(9xy1(1))0xp1(1))) + o p (1) — uFy (D).
With (3.11), (3.12), the iteration (3.9), (3.10) can be written as a fixed point iteration
(3.13) X" =7X" n=1,2,...

We are going to prove that the iteration (3.13) converges. Moreover, in the spirit of [10], we may also introduce the
relaxed fixed point iteration for a given relaxation parameter € € [0, 1).

(3.14) X =(1-e)TX"+eX", n=1,2,.....
To begin with, we look at the norm of X". For this, we introduce
(3.15) F o=
20 {(B1(0xy (1)) = B1(Bxy1 (DNF] (1) = (B2(0x 5 (1)) = B2(Bxy2 (1)) F5 (1)
(B1(0xy7 (1))0xp7 (1) = B1(dxy1(1))xp1(1)) py (1)
—(B5(0xy5 (1)0xp5 (1) = B (8xy2(1))dx p2 (1)) p5 (1) }
+2u {(B1(8xy] (1) = B1(8xy1 (1)) P} (1) = (Ba(Bxy5 (1)) = B2(8xy2(1))) 5 (1)
—(B1(0xy7 (1))0xpT (1) = B1(dxy1(1))dxy1 (1)) 77 (1)

+(B3(8xy5 (1)8xp5 (1) = B5(3xy2(1))dxp2(1)75 (1)}
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and

2

B.16) &= ) {(Bi(0xy} (1) = Bi(@xyi(1)? + (B} (xy} (1)0xp} (1) = Bi(8xyi (1)) Bxpi(1))?
i=1

(3.17) +Ho? + @) (57 ()7 + 51 (D)D)}

After some elementary calculations, we arrive at

(3.18) IX")? = &" +F".

Similarly, we find

(3.19) |7X"|* =& - F".

We proceed to show that 7™ is positive definite with respect to the errors. To this end, we multiply below the state
equation and the adjoint equation by ¥}, p', respectively. This gives

1
(3.20) 0 =/ (,Bi()’?) = Bi(yi) — 0x(Bi(0xy;) — Bi(Oxyi)) + ;ﬁ?)) yidx

i

1
= / ((ﬁi(y?) = Bi(y)) (i = yi) + (Bi(0xy}) = Bi(0xyi))0x (¥ — yi) + ;ﬁ?f’?) dx

I;

—(Bi@y?) — Bi(Bry)F o, = / HIdx — (B (D)) — Bi Dy on-
I;

This gives the boundary expressions

(3.21) (B1(0xy}) = B1(Oxy 1)) (1T (1) =/H'1’1dx’
I

(3:22) (B2(003) - po(0032) (D35(1) = - [ H3
L
Similarly, after multiplying the state equation by p7}', we obtain

1
(3.23) 0 =/ (ﬂi(y?) = Bi(yi) = 0x(Bi(dxy!) — Bi(Oxyi)) + ;]5?) pidx

i

= [ (00 = B0 + B0 ~ Biaryi st + 571

I;
— (Bi(0xy!) = Bi(0xyi)) Pl lor; = / Hydx — (Bi(0xy}) — Bi(0xyi)lar, -
I;
(3.24) (81039 = B @) O (1) = [ A,
I
(3.25) (B2(0xy5) = B2(0xy2)) (1) py (1) =—/H£’de~
L
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We now multiply the adjoint equation first by " and obtain
(3.26) 0 =/ (BIGPT = Bi(yipi = 0x(Bi(0xY)0xpy = Bi(Oxyi)Oxpi) — k87') P
I;

= / ((,Bl,(y:l)p:l _IBE(Yi)pi)ﬁ? + (ﬂ:(axyzn)ﬁxp? _:Bi(éxyi)axpi)axﬁ? - ngnﬁzn) dx
I;

— (Bi(Oxy) P! = Bi (Oxyi)pi) P} o, == / Gldx — (B{(dxy) P} — Bi(0xyi))pi) Py lor, -

I;
This leads to the boundary expressions
(3.27) (B1(0xy1)dxp = B1(dxy1)0xp1) ()T (1) = / G, dx,
I
(328) (B (@D0p! - B0 (D) = [ Gl
L

Finally, we multiply the adjoint equation by 7' and obtain
(3.29) 0 =/ (BiDP! = Bi(yipi = 0x(B{(9xy})0xp} = Bi(9xyi)Oxpi) — k8}') 7 dx
I;

- / (BT = BLPOTE + (BUOyI " — Bi(By)dxp) o — kgl'ST) d
I;

— (Bi 0y P} = Bi(Oxyi)Pi)I} o1 = / Ghdx — (B{(0xy})p} = Bi(0xyi))pi) ¥ lor;-

I;
From this, we arrive at the boundary terms
(3.30) (ﬁi(axy?)axp? = B1(0xy1)oxp1)(DF (1) = / G'ydx,
L
(3.31) (B5(0xy5)0xph — B2(0xy2)0xp2) (1) 75 (1) = —/ G, dx.

L
Recalling the definition (3.15) of ¥", we obtain

2

2
(3.32) Fr=20) / (H\ +G7y) dx +2u Z/ (Hp, = Gp) dx.
I,

i=1 1; i=1

In order to proceed, we employ the monotonicity property of the functions §;. During these notes, it will be
convenient to assume the p-structure ; (s) = y;|s|”2s. For 1 < p < 2 we have

(3.33) (la|”~2a = |bP=2b)(a = b) = (la| + |b))P~*(a = b)*.
10



We first look at the terms with factor 0. We use (3.33) for H}| as follows

2, ~n n - ~n 1 ~n~n
(334) / dx 2y, / (14 2 + (0?1 + ey 2 @u30)?) e+ [ plstas.
I;

For G?z we have

[ anac= [ (sonem? +goan@mny) e

I; I;
(3.35) +i / (ﬁ;/()’i + 9,1(??))1?15’?10? +ﬁ1{l(6x)’i + 9n(5xi?))5xpi0xi?axﬁ?) dx + K/ gl Di dx.
I; I;
Hence,

[ s cmaezy [ (01200 + (00071 + i 2(0,50)7)

1; I;
(336) e [ (D222 +10011 0 dx
I;
(3.37) +7Y / (ﬁ{'(yi+9n(??))17i)7?l7, +ﬁ”(axyl+9 (axy ))axpz xy xﬁ[n) dx

- —/(~">2+(y >2dx——/<~">2+<g V.
We now look at the terms with factor . For HY, we have

1
(3.38) / e =y, / B0 = BON ) + (B0 = i(0,30)) @:) dx+ . [ (7P,
I;
while -G, gives

639 - [ Ghax=—yi [ (BN + B0 0, dx

Ii Ii

+(ﬂ1{(axy?) _B,{(ax%'))piy:'l + (ﬁ;(axy:l) _ﬁl{(axyi))axpz xﬂl} dx + K/ g?f):-ldx.
I;

Therefore,

/H?Q—Gf‘zdx =%~/((ﬁl(yf’) Bi(yi) = BiYDFNPT + (Bi(0xyi) = Bi(0xyi) = Bi(0xy)0x57) (9xP})) dx

(3.40) fy / (BLOxY™) — BBy ) pid" + (BUBYY) — BL(Bxyi))Bxpidn™) dx

I;

+K/gl yidx + — /(p":’)zdx

I;



‘We note that

kgl 37 =k {(Iy! =y 12O =y = i = v i = yH !}
(3.41) > k(|y} =y ()

Moreover, we have

(3.42) 1B: (V1) = Bi(yi) = BT < |y + 6571757
1B: (0xy™) = Bi(Dxyi) — BL(Dx YO TP < |0xyi + 50,5770, 5%

We can, therefore, estimate the mixed terms

’ n\=n ~Nn 1 ~n - ~n ~n ~N ~n ~n ~Nn
(3.43) Bi ) = Bivi) = BiGITNB} < Slvi+ 65717 FIATH + PP = LED AT + 1)

’ ~ ~ ~| ] ~ - ~ ~ ~|
(Bi(Dxy}) = BiBxyi) = BHOFOFIBT < 10xyi + 60537177 10:571(19:57 12 + 10} 1)
=t L(OF7) (10537 P +10<57 ),

where we note that the factors L(37), L(8x¥!) in front of the quadratic terms tend to zero as §', 0,37 tend to zero.
The other mixed terms also involve B;’(s), which lead to factors bounded by C;(J;, 0xJ;, p;, 0xp;) multiplied the
adjoint states p;, 0 p;, which, in turn, we will assume to be small in the sequel. Smallness of p;, dp; can be
interpreted as the optimal states y;, d,y; being close to the target yl‘.l. We also define

Ki(57) = (1571 +20yi) P72, Ki(0:37) = (10371 + 210, yi)P 2.
12



Then

2
722 ) [ [ (K GG+ (1) + K@D (@2 + (0.)°)
i=1 1;

1 1
(3.44) =5 Cipi((F7)* + ()% = 5Ciduepi((0x57)° + (0x57)?)
AR ICARTA]

~n 1 ~n
+i {K(y,- )*+ ~ (] )?
1 ~n n 1 ~n ~n
_E(Cipi +L:(F1)(y")? - E(Ciaxpi +Li(0x51)) (0x77)?

1 1
—5 LGP’ - ELi(axii")(axﬁ:’)z} | ax

N 22/ [ {“W?) ~ 3G k= Gl (G + (7))

i=1 I

+(Ki(9:37) - %Cﬂaxpil)«axy?f * (axﬁ?)z)}

1 1

1 {(x ~ 3 (Clpil + LGINE + & = S LG

1 1
~5(Cidupi+ Li(0,51)(3:50) - ELi(axyﬁ(axﬁ?)z} |

We would like to see under which condition (3.44) can be made positive. This is indeed possible if L; (7), L; (0x77)
are small which, in turn, is true if §, 0, ¥} are small. This is an assumption on the initial neighbourhood of y;, dxy;.
Moreover, we can assume, as mentioned above, from the beginning that |p;|, |0, p;| are small. If the smallness
assumption on the original adjoint problem holds and we have an integer n such that L;(77), L;(8,7") are small
enough to make (3.44) positive, then according to ||X"*!||? = |7X"|]? = ||X*||> = F" < ||X||", also the next
iteration will stay in these bounds. Notice that for p < 2, as in our case here, the coefficients K;(77)), K;(9x¥!")
increase when |§7|, |0, 7| decrease. Thus, if we start close enough to to the original solution and if we assume that
the norms of the adjoint problem are small, then we can conclude that by choosing o, u, «, v appropriately, we can
make (3.44) positive definite with respect to the quadratic terms (37)2, (8x57)2, (57)?, (8xp")>.
Theorem 3.1. Let the (y;, pi) € H'(I;) and initial errors X° be sufficiently small. Then there are parameters
o, U, k, v such that the iteration X ntl = g xn converges. Moreover, we have
(3.45) Lt — 0, n— oo, in H'(I;), i = 1,2,
(1), 0537 (1), pr(1),0xp7 (1) = 0, n =0, i =1,2.

Proof. We iterate the equation

X" = 17X )P = X0 - 27"
down to zero. This gives

n
X2 < JXOY2 = > F vne .

=1
13



This implies that 7/ — 0 as [ — co. From the positive definiteness of 7 provided by (3.44) and our assumption on
the smallness of the data, we arrive at the conclusion. O

Remark 3.2. We remark that when we take p = 2, then the iterative domain decomposition procedure above reduces
to the well-known iteration from [10].

3.1. Global convergence and separate domain decomposition. The assumption of theorem 3.45 require starting

points close to the true solution. As it becomes obvious from (3.44), the difficulty is with the mixed terms in 37, p7'

and 0x¥7, 0xp?} that have to be compensated by the corresponding quadratic terms. The point is that we can use

the monotonicity essentially with respect to the state 7', while the fact that we work with the system in terms of

the errors forced us to handle differences in the adjoint equation that, in turn, could not be treated by monotonicity.

Therefore, we may want to decouple the state equation from the adjoint equation using another fixed point iteration.
To this end, we introduce the common algorithm

Algorithm

(1) Choose u°
(2) For i = 1 until satisfied
(3) (a) Solve for y;

Bi(yi) = 0x(Bi(0xyi) =uii=1,2, x € I;
y1(0) =0, y2(2) =0,
y1(1) = y2(1), B1(0xy1)(1) = B2(0xy2)(1).

(b) Solve for p;

B (yi)pi — Ox(Bi(0xyi)0xpi) = k(lyi = Y2 (vi = yD),i = 1,2, x € I;
p1(0) =0, p2(2) =0,
p1(1) = p2(1), B1(0xy1)(1)0xp1(1) = B5(dxy2(1))dxp2(1).

(c) Setu = % p
(4) Terminate with the (approximate) fixed point u, y, p.

This algorithm is classic for linear problems. For the p-Laplace operator, this needs further arguments. For the
sake of brevity, we leave the convergence analysis to a forthcoming paper. See, however [17].

The point of interest in these note is that, giving up the concept of decomposing the optimialtiy system at once,
we can concentrate on the two systems in step 3. iteratively. That is to say, we first apply the domain decomposition
procedure to the state system (a) and then to the adjoint system (b). Of course, the adjoint system is linear, given
the state y;. Hence, the classical P. Lions type non-overlapping domain decompositions applies. See e.g. [10] for
the details. Thus, the problem is with the state system. To the best knowledge of the author, not even for this
p-Laplace type problem results are available in the literature. The only exception is a very recent article [9] where
the p-Laplace problem problem is treated, however, with a slightly but importantly different iteration which, in turn,
is reminiscent of a Gauf3Seidel type version of the P.L. Lions method, whereas the method of consideration here is
more a Jacobi-type iteration and is, therefore, completely parallel.

In these notes, we just outline the procedure by reducing the one for the optimal control problem in setting the
adjoint variable as well as the parameter u to zero. For a given control u, we look into the iteration

14



Bi(y)" = 0x(Bi(Bxy)™ =i i=1,2, x€I;
(3.46) Vi) =0,y51(2) =
B9y (1) + oy (1) = ﬁz(axy2<1>> +oy5 (1)
~B2(0xy5 (D) +ay5* (1) = =1 (8} (1) + oy (D).
In this case the variable X" as well as the iteration operator 7~ reduce to
(3.47) " =(B1(0xyT (1) = B1(9xy1(1)) + o F (1) + upy (1),
— (B2(0xy5 (1)) = Ba(Bxy2 (1)) + 35 (1) + ups* (1))

We also introduce

(3.48) TX" := (B2(0xy5 (1)) = B2(0xy2(1)) + o §5 (1) + up5 (1)
= (B1(0xyT (1)) = B1(0xy1(1))) + oFT (1) + upy(1)).

and F to

(3.49) F" =20 {(B1(8xy} (1) = Bi(8xy1 (D) FF (1) = (B2(Bxy5 (1)) = Ba(Bxy2(1))F5 (1)}

From this, we retrieve
(3.50) s zz / {Ki DD + Ki(050) (0,577} dx

Then, by the same arguments as above, we obtain convergence y; — y; strongly in H'(I;) together with the correct
transmission conditions for the limit y. As mentioned above, once the state y is established, it is inserted into (3.46)
which provides a linear problem in p. This can be decomposed by the standard method, provided in [10]. These
decompositions work without a smallness assumption and can thus be applied until the neighbourhood required in
Theorem 3.45 is reached. Due to space limitations, we provide the details along with numerical simulations in a
forthcoming publication.

3.2. General graphs. Inorder to apply the domain decomposition to a general graph, we first note that it is sufficient
to treat a star-graph with a center node at x = 0 with, say, m edges emerging from this node. We couple these edges,
say at x = 1 with another m edges which, in turn stretch from x = 1 to x = 2. This graph fits with the description in
(2.1). The iteration applied to the corresponding optimality system is then identical to one in (3.3), (3.4), (3.5) with
the exception that it is applied to each coupling point and that for i = 1, ..., m the solutions y? have to be solved for
the star graph. The complete picture along with numerical evidence will be published in a forthcoming article. We
confine ourselves to just two examples.

3.3. Some numerical experiments. In this section, we consider the static optimal control problem for a two-link
model (3.1) and the corresponding optimality system (3.2). The iterative decomposition is based on the system (3.3),
(3.4), (3.4). We choose in particular a constant target function y; = 1, constant Dirichlet conditions y(x,¢) = 1 at
the outer ends x = 0, x = 2 and parameters o = 10, u = .001, x = 100, v = .1. We perform two experiments, one for
p = 3/2, the case of interest in gas flow, and p = 1.1, which is important in e.g. imaging, where 1 < p < 2 and the
limiting case p = 1 are considered. We solve the boundary value problems arising on the full domain and the two
subdomains using the routine bvpe4 from Matlab with a resolution of le — 14. We have chosen a constant target
because it is critical, as vanishing y and 0,y play a special role for the p-Laplacian. For p > 2, we, therefore, needed
a regularization. On the left of figure 3.3, where p = 3/2, we show on the top left the solution of the optimality
system, on the top right the result of the iteration on each subdomain stitched together at x = 1. On the bottom
15
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FIGURE 1. Left figure:p = 1.5,0 =10, u = .001, x = 100, v = .1, right figure: p = 1.1, same parameters

left we display the errors for the primal variables and their derivatives at the interface x = 1 and on the right the
corresponding dual variables. The same configuration is used for p = 1.1 in the right part of figure 3.3. For more
experiments and a more detailed description, we refer to a forthcoming publication.
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