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From bounds on optimal growth
towards a theory of good-deal hedging

Dirk Becherer

Abstract. Good-deal bounds have been introduced as a way to obtain valuation bounds for deriva-
tive assets which are tighter than the arbitrage bounds. This is achieved by ruling out not only
those prices that violate no-arbitrage restrictions but also trading opportunities that are ‘too good’.
We study dynamic good-deal valuation bounds that are derived from bounds on optimal expected
growth rates. This leads naturally to restrictions on the set of pricing measure which are local in time,
thereby inducing good dynamic properties for the good-deal valuation bounds. We study good-deal
bounds by duality arguments in a general semimartingale setting. In a Wiener space setting where
asset prices evolve as Itd-processes, good-deal bounds are then conveniently described by back-
ward SDEs. We show how the good-deal bounds arise as the value function for an optimal control
problem, where a dynamic coherent a priori risk measure is minimized by the choice of a suitable
hedging strategy. This demonstrates how the theory of no-good-deal valuations can be associated to
an established concept of dynamic hedging in continuous time.
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1 Introduction

When pricing a contingent claim solely based on no-arbitrage arguments, the range of
possible arbitrage free prices can easily be too wide for practical purposes. This can
happen generically if the financial market is not taken as complete or, more generally,
if the payoff of the contingent claim cannot be perfectly synthesized by dynamical
trading. The approach of good-deal bounds has been developed to derive a tighter
range of no-good-deal prices, by using only a subset of martingale (pricing) measures
to value contingent claims. This subset is chosen such that some notion of too favorable
trading opportunities (good deals) is prevented, if the market is extended by additional
price processes which are obtained by using those martingale measures for the pricing
of contingent claims.

The most cited reference on the topic is probably [12], where no good deals are
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defined by bounds on Sharpe ratios. For comprehensive references on the topic we refer
to [9, 18,7, 20]. Let us just mention here, that in [7] the authors also consider bounds
for Sharpe ratios in a continuous time model which permits for asset price jumps,
thereby extending [12]. The starting point of another stream of papers is given by a
set of acceptable financial positions. From there, no-good-deal price bounds are then
defined as the smallest amount which a seller of a claim must charge, respectively the
largest amount a buyer can pay, in order to obtain an acceptable position in the market,
see e.g. [9, 18]. The route taken in the present article is to look at bounds for expected
optimal growth rates, which corresponds to bounds on expected logarithmic utility.
In deriving dynamic good-deal bounds in continuous time from bounds on expected
utility, it is maybe closest in spirit to and has been motivated by [20], where a rigorous
study of such bounds has been presented in a Levy process setting for the case of
exponential utility. For important conceptual earlier contributions in this direction, see
[10, 11] and also references in [10, 20] on earlier work by S. Hodges. In [20] it has been
pointed out that restrictions on the no-good-deal set of martingale (pricing) measures
should be local in time, in order to achieve good dynamic properties of the good-deal
valuation bounds. However, the authors have concentrated on the case of exponential
utility from terminal wealth where additional, essentially technical, assumptions were
needed to ensure such local restrictions. Apparently, those do not arrises naturally
from the good-deal approach in this case. To ensure that their local restrictions imply
certain ‘global’ restrictions that have financial meaning in terms of bounds on utility,
the authors have therefore imposed additional structural assumptions, like preservation
of a Levy structure of the model under all no-good-deal pricing measures.

To arrive at local restrictions for the set of no-good-deal martingale measures in a
more endogenous way, it appears natural to start from bounds on expected optimal
growth, since this is linked to logarithmic utility which is know to be myopic. By this
choice, one also avoids to have good-deal bounds that depend on an exogenously given
time horizon, for which expected terminal utility is maximized. This is the starting
point for us in Section 3, where we consider the problem in a general semimartingale
model, after the model framework has been set in Section 2. To derive more explicit
results we specialize in Section 4 to a Wiener space setting with asset prices that are
Itd-processes, but need not be Markovian diffusions. In this setting, we obtain a conve-
nient dynamic description of good-deal bounds in terms of standard backward stochas-
tic differential equations (BSDEs) with generators that satisfy a Lipschitz property in
Section 5. It is well known that the good-deal approach is in essence an approach to
pricing, but that a theory on notions of hedging that can be linked to it still needs to
be further developed and, possibly even more so, constructive descriptions for respec-
tive hedging strategies are needed. This is emphasized in the concluding remarks in [7],
where the authors write “the task of developing such a [good-deal hedging] theory con-
stitutes a highly challenging open problem”. The final Section 5 discusses such links to
hedging, showing that a trading strategy, which corresponds to the (upper) good-deal
valuation bound, is given by a strategy that minimizes a suitable coherent risk measure
p (of good-deal type). The hedging strategy can then be defined as the minimizer. In
other words, the hedging strategy is the strategy that minimizes (maximizes) the upper
(lower) a priori p-valuation bounds for the seller (buyer) of a contingent claim, such
that the good-deal bounds arise as the tightest ‘a priori’ p-valuation bounds for the
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residual risk that can be obtained by optimal hedging in the market. For our mathe-
matical analysis, BSDE theory provides convenient methods to solve the optimization
problems involved and to describe both the valuation bounds and the optimal hedging
strategies. To our best knowledge, the connection between growth-optimal dynamic
good-deal bounds and a corresponding notion of hedging with respect to dynamic co-
herent risk measures has not been elaborated so far. Mathematically, this connection
fits well with the general theory for inf-convolutions of risk measures, see [4] for an
excellent exposition and references.

The contributions of this article are threefold. First, we show that restrictions on
optimal expected growth rates lead to good-deal valuation bounds with good dynamic
properties in a general model. Secondly, we describe the dynamics of the valuation
bounds and of a suitable hedging strategy in a Wiener space setting by BSDE solutions
where, finally, the corresponding hedging strategy is obtained as the minimizer of a
suitable a-priori risk measure of good-deal type.

2 General framework and preliminaries

Let (Q2, F,F, P) be a stochastic basis with fixed time horizon T < oo and a filtration
F = (Ft)tepo,1) satisfying the usual conditions of right-continuity and completeness.
All semimartingales are taken to have right-continuous paths with left limits (RCLL
paths). For simplicity let Fy be trivial and F = Fz. Conditional expectations with
respect to F; under P are denoted by E,[-] = E[’[-]. For random variables X we define
E:[X] as Ey[X "] — E;[X ] where the latter is well defined, and as —oo elsewhere.
Inequalities between random variables (processes) are meant to hold almost surely
(respectively P x dt almost everywhere). Equality between processes with RCLL paths
then means indistinguability. By convention, % is defined to be 0.

All prices of assets in our model for the financial market are expressed in terms of
a numeraire asset, whose (discounted) price is thus constant at one. A common choice
for the numeraire is a cash account where money can be deposited and lent from at
the same rate of interest; for such a choice, asset prices are expressed in units of one
Euro put into the cash account at time 0. Alternatively, if the numeraire is chosen to
be the zero coupon bond with maturity 7, then asset prices are expressed in T-forward
units, i.e. in terms of Euros at time 7. We consider a financial market model with d + 1
tradable assets, which comprise the numeraire asset and furthermore d risky assets,
whose price processes S = (Si)izl’,,,,d are semimartingales. All S? are assumed to be
locally bounded from below. For example, a natural (globally uniform) lower bound
for stocks would be zero.

As usual, a (self-financing) portfolio strategy is defined by some initial capital V;
and a predictable and S-integrable R%-valued process ¥ (i.e. ¥ € L(S)), describing the
numbers of risky assets to be held dynamically over time. The wealth process of such
strategy is given by V = V5 + 9 - S = Vo + [ 9dS. Since we will be interested in the
returns V; /V; (s < t < T) of wealth processes that are strictly positive, it is convenient
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to normalize initial wealth to one by simple scaling. To this end, we define
N=N(S)={N|N=1+0-5,0€L(S), N>0} 2.1)

as the family of all strictly positive wealth processes starting at one. These processes
are called tradable numeraires (with respect to .S).

We denote by M©(N) the set of all probability measures equivalent to P (Q ~ P)
such that any N € N is a local Q-martingale. It is easy to see that Q ~ P is a local
martingale measure for S if and only if it is a local martingale measure for any N € N.
Indeed, one inclusion of the identity M¢(S) = M*(N) follows from S being locally
bounded from below by adding a suitable constant and a simple scaling argument,
while the other inclusion follows from [ 1], Corollary 3.5.

Throughout the sequel, we assume that the market is free of arbitrage in the sense
that

ME = ME(N(S)) # 0. (2.2)

More precisely, condition (2.2) is equivalent to the property of ‘no free lunch with
vanishing risk’ introduced in [ 14], cf. Proposition 2.3 in [5].
Let us recall some properties about the set of numeraires N'(.S).

Lemma 2.0.1 /. N is convex.
2. For N',N? € N and for stopping times T,7 with0 < T <7 < T,A € Fr, the

process
N} N} N2
N =IprN' +hrq (IAN:§FN2 + IAch) + Iy, 7 <IAN§N1 + IAC) N'

is an element of N.

3. Every N € N can be written as a stochastic exponential, and the set
L= {L ’ L semimartingale, Lo = 0,E(L) € ./\/}

contains 0 and is predictably convex, i.e., for any predictable [0, 1]-valued process
H and L', L? € L, the process L :== H - L' + (1 — H) - L? is an element of L.

4. Any N € N is bounded away from 0 uniformly in t: Plinf,.+ N; > 0] = 1, and
is a strictly positive supermartingale under Q) for any Q € M°.

Proof: Part 1 is immediate. Part 3 can be shown using that any N € N, being a strictly
positive @-martingale for @ € M¢(N), can be written as a stochastic exponential
N=&L)=1+N_-LforL:= (1/N_)-N. Letting L := H-L'+ (1 - H)-L?
for N* = £(L%) € N, i = 1,2, it is straightforward to show that N is in N. For part 2,
let H := Iy + jr,7plac + Iy rpand L := H - L' + (1 — H) - L?. Then one can
check that N = £(L) and the claim follows by part 3. Details on parts 2,3 are given in
[5], Lemma 2.5. For part 4, the second claim holds since any positive local martingale
is a supermartingale by Fatou’s lemma. The first claim then follows by the minimum
principle for positive supermartingales, which is an application of the optional stopping
theorem, see [23] I1.3.

O
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Dynamic good-deal bounds: Preliminaries

For equivalent martingale measures () € M* we will for convenience often identify
the measure @ with its density process Z, = Z2 = E,[dQ/dP], omitting indices like
@ when there is no ambiguity. To limit notations, we write compactly Z € M¢ for Z%
of some Q € M°.

We denote by O the set

Q:=Q(S) :={Q € M°(S)| E[-log Zf] < oo} . (2.3)

The integrability condition in (2.3) requires that the relative entropy H (P|Q) of P with
respect to @, that is

H(P|Q) := E[—log Z7] = E® [1 log 1} : (2.4)
Zp T Zr
is finite. For an equivalent martingale measure @), it is usual to call H(P|Q) the reverse
relative entropy of Q, whereas H (Q|P) is called the relative entropy of Q.
Let
h=(h)>0

be a predictable process that is bounded, measurable and positive. For given h, let
gred .= Qred(S) denote the subset of those measures Q € M¢(.S) which satisfy that

Er {— log ZT} < 1ET {/ h? du] foralT<r<T, 2.5)
Zr 2 T
where 7', T are stopping times. Let us note here, that we have not included the factor
1/2 and the square into the function A to simplify formulae in the later sections, e.g. 5.
We shall write h(t) instead of h; (0 < ¢ < T) if h is deterministic, depending only
on time but not on w € €. The simplest case is to take h(t) = h > 0 to be constant.
Permitting A to depend on time ¢ and w increases generality. In later sections, Q"84
will serve as a set of pricing measures which are taken into consideration to determine
a range of no-good-deal valuations. If, for instance, market prices of risk in the distant
future are considered to be of higher variability this could be captured by ¢ +— h(t)
being increasing.
Clearly, we have Q"¢ ¢ Q C M¢®. Going beyond condition (2.2), we will subse-
quently assume that Q"#¢ contains at least one element @, i.e. it is non-empty

gred £ g, (2.6)
The next result collects properties of the density process Z for measures () in O.

Proposition 2.0.2 For any Q ~ P with —log Zy € L'(P) the following holds.

1. The process (—log Zi),<p is a submartingale of class (D), that is the family
{—log Zr} is uniformly P-integrable, with T ranging over the set of all stop-
ping times T < T.
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2. The process —log Z has a unique Doob-Meyer decomposition
—logZ; =M+ Ay, t<T, 2.7
with M being a uniformly integrable martingale and A being an integrable in-
creasing predictable process with Ay = 0.
3. For any stopping times T < 7 < T, it holds

ET |: log Z:| = ET [AT — AT] . (28)

Proof:
1. By assumption we have — log Z7 € L*(P). For any stopping time 7' < T,
_ET[ZT] +1 S —ZT +1 S — log ZT S ET[— 10g ZT]

holds by Jensen’s inequality. Since the upper and lower bounds are uniformly
integrable martingales stopped at 7', the family {— log Zr} is of class (D). Using
again Jensen’s inequality, we obtain that — log Z is a supermartingale.

2. This follows by a version of the Doob-Meyer decomposition, see Theorem 8 in
ch.IIl of [22]. That A is integrable, means that E[A7] < oo.

3. This follows from part 2 since martingale increments vanish in expectation.
U

For any @) as in Proposition 2.0.2 with density process Z and corresponding A from
(2.7), we can define a finite measure ;. = ;@ on the predictable o-field P by

w(B) :E{/leAt} , BeP. (2.9)
The next result shows that p corresponding @ € Q is dominated by the measure
1
v(B) = §E [/1Bh§ dt] ., BeP, (2.10)

and thereby provides simpler criteria (2.11), (2.13) for @ being in Q"#4, which are
formulated with respect to deterministic times only instead of stopping times as (2.5).

Proposition 2.0.3 [f the measure QQ ~ P satisfies

Z 1 ¢ _
E, [— log Z*} < 5B [/ hidu} foralls <t<T (2.11)

with s,t ranging over the set of all deterministic times, then
u(B) < v(B) (2.12)

holds for all predictable sets B € P. In particular, the conditions (2.11) and (2.5) are
equivalent, and for Q € M?®(S) condition (2.11) implies that Q is in Q"&.
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In the case where h; = h(t) is deterministic, (2.11) simplifies to

t
E, {— log ?] < %/ h*(u)du foralls <t <T. (2.13)
s s
Proof: By assumption (2.11), inequality (2.12) holds for predictable sets of the form
B = A, x (s,t] with s < t < T and A, € F,. The class of all such sets is a semi-
ring that generates the predictable o-field P. Since both measures are finite and (2.12)
holds on the semi-ring, it follows that (2.12) also holds on the predictable o-field P
generated by it. Indeed, the inequality extends directly from the semi-ring to P for the
outer measures that are generated from the restrictions of 4, v onto the semi-ring. Since
these outer measures coincide with y respectively v on P by the extension theorems of
measure theory, (2.12) holds for B € P. Hence, condition (2.11) implies (2.5) since
sets of the form B = Apx ]| T,7 ] are in P. Necessity is obvious. The last claim
follows from the definition of Q. O

Definition 2.0.4 A set S of probability measures, all elements of which are equivalent
to P, is called multiplicativity stable (m-stable) if for all elements Q',Q* € S with

- 2
density processes Z', Z* and for all stopping times T < T, it holds that Z7 := Z%%
T

is the density of some QQ € S.

This definition follows [13], where m-stable sets of measures are studied in a general
framework. Examples for m-stable sets that play a role in the sequel are given by

Proposition 2.0.5 The sets M®, Q and Q"¢ are m-stable.

Proof: The arguments for Proposition 5 in [13] show that M¢ is m-stable. This holds
also without S being locally bounded. The m-stability ©Q follows then by part 3 of
Proposition 2.0.2, which implies

2

Z
E [— log (Z}Zgﬂ < E[A} + (A% — A})] < 00.
To show that the property (2.5) defining Q&< is consistent with m-stability of Q"&4, let
7' < 7 be stopping times. Letting 7" = (T'V 7') A 7 for T and Z as in Definition 2.0.4,
we obtain, using again part 3 of Proposition 2.0.2, that

E. {— log ?} = Eq [A2- A%, + AL — AL
1 T
§E7—/ |:/7_, hzdu] .
O

With respect to a given m-stable set S of equivalent measures, we define for X € L™
the upper and lower valuation bounds by

(X;S) = €3S SUup BP[X], (2.14)

(X;8) = ess inf ER[X]. (2.15)

IN
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Clearly, 7¢(X;S) = —7%(—X; S) holds. Therefore, we can restrict the analysis to the
upper bounds 7* in the sequel, without loss of generality.

The next results recalls that the family {7}(X)},« satisfies the properties of a
dynamic coherent risk measure (or a dynamic monetary coherent utility functional),
and can be represented by a process with good path properties. We will always choose
such a version in the sequel without further notice. Moreover, it shows that the family

of mappings X — m%(X) where T ranges over all stopping times 7' < T, exhibits
good dynamic consistency properties.

Proposition 2.0.6 Assume S # () (e.g. S = ored). As mappings from L> to L>(F;)
the family X — m*(X;S) (t < T) has the following properties.

1. (Path properties) For any X € L, there is a version of (r{"(X)),<t having
RCLL paths and such that

u

mh(X) = esc;s)esgp EZQ [X] for all stopping times T < T.

2. (Recursiveness) For any stopping times T < T < T, it holds that

3. (Stopping-time consistency) For stopping times T < 1 < T,
the inequality 7 (X 1) > 7%(X?) implies (X)) > 74(X?).

4. (Supermartingale property) (my' (X)) is a supermartingale under any Q € S.

5. (Coherent risk measure) For any stopping time T < T and mr, ar, A\ € L™= (Fr)
with 0 < ap < 1, Ap > 0, the mapping X — w¥.(X) satisfies the properties:

« monotonicity: X' > X? implies w¥(X') > n¥(X?)

« translation invariance: w¥(X + myp) = 74 (X) + myp

o convexity: h(ar X! + (1 — ar)X?) < arr®(X1) + (1 — ar)74(X?)
« positive homogeneity: w4 (A X) = Apmii(X)

6. No arbitrage consistency: If moreover S C M°, then w}(X) = x + 9 - St holds
forany X = x + 1 - Sg with (9 - S¢),<1) being uniformly bounded.

Proposition 2.0.6 is analogous to Theorem 2.7 in [20] and a direct consequence of
results by Delbaen [13]. As the proof shows, it follows essentially from m-stability of
S.

Remark 2.0.7 In the literature on risk measures, those are often applied to the net
value Y of a position. Under such convention, one would rather call Y +— 7*(=Y) =
—7¢(Y) a dynamic coherent risk measure and call Y +— 7¢(Y) a monetary coherent
utility functional. Clearly, the difference is only a matter of sign conventions, where

we take X = —Y as a liability instead of a net value. This should not cause confusion.
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Proof of Proposition 2.0.6: Since S is m-stable by assumption, part 1 follows by
Lemmata 22 and 23 from [ 1 3], and using his Theorem 12 yields the claims 2-4. Finally,
part 5 is immediate from part 1. Also part 6 follows from 1, since bounded local
martingales are uniformly integrable.

O

In the sequel, the aim is to study good-deal bounds with respect to optimal growth.
In the next section, those bounds are shown to be valuations bounds as above for S =
Qned(S). This explains the terminology of the next definition.

Definition 2.0.8 The upper and lower good-deal bounds for X € L*° are defined by
(2.14) respectively (2.15) for S = Q"#4(S). For brevity of notation, they are denoted
in the sequel by

(X)) = 7w (X; Q"4(S)) and 7wH(X):= 7l (X;Q"84(S)). (2.16)

3 Good-deal bounds for optimal growth rates: Duality
results

To motivate the subsequent results, let us suppose that the market is to be extended by
adding further tradable risky assets. From the general theory of no-arbitrage pricing,
it is know that each arbitrage-free price process of contingent claims with (discounted)
payoffs X € L°(Fz,R?) should in principle be of the form

S;=8,(X,Q) = E?[X], t<T, G.1)

for some @@ € M¢°. Indeed, this ensures ‘no arbitrage’ for the extended market with
risky asset price processes

S=(8,8)=(8,8(X,Q)) (3.2)

evolving in R%+4', in the sense that Q € M¢(S) # (), subject to suitable integrability
assumptions. A sufficient condition to ensure that S meets the same assumptions that
our general setting imposes on S is obviously that X € L°°. A more general condition
is that all coordinates of X = (X*)1<;<4 are bounded from below and integrable with
respect to the Q € M€ chosen in (3.1), i.e.

(X"~ €eL™®and X' € L}(Q) foralli =1,...,d,. (3.3)

Then S’(X, Q) is finite and bounded from below in each coordinate.

However, in incomplete markets the set M® generically contains not one unique
martingale measures but infinitely many. The price range, which would be obtained
from (3.1) by letting @) range over all M€ is typically too wide for practical purposes.
In other words, the restrictions on prices that result from no-arbitrage arguments alone
will often lead to price bounds that are too wide. The leads naturally to the idea to let
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(@ range over a suitable smaller set (say Q"89) to obtain tighter price bounds. To give
financial meaning to the desired tighter bounds, the general idea of good-deal bounds
is to let @ range over a subset of M® which is taken such that price processes S’ (X, Q)
do not permit trading opportunities that are ‘too good’ to be realistic. Prices within the
resulting range are then considered to be consistent with ‘no good deals’ while prices
outside the range might be interpreted as ‘good deals’ for either the seller or buyer,
depending whether they are above 7 or below 7.

There are different possibilities for defining good deals, which can result in different
subsets of M®. We are going to show that our definition of Q"# is such that any
market extension S = (S, S’) by price processes of the form (3.1) for Q € Q"#¢ does
only permit for (conditional) expected optimal growth of returns at a rate not exceeding
the bound h? /2 specified via h in the definition (2.5) of Q"&d.

To show this, we are going to apply convex duality arguments. Recall that the con-
jugate function of U(z) = log z with z > 0 is

V(y) :=supU(z) —ay=—logy—1, y>0. 3.4
x>0
It follows that
U(x) <V(y)+azy foralz,y>0, (3.5)

with equality holding for x = 1/y.

Any local martingale N > 0 with respect to some QQ € M€ is a Q-supermartingale.
Hence, NZ is a P-supermartingale. Letting # = N, /Nr and y = Z,/Zr in (3.5) for
stopping times 7' < 7 < T, we obtain by taking conditional expectations that

N

Z Z.N.
< Epl|-log=" E ISR 3.6
< Br|-low gz |+ Br | 7 (3.6)
Z Z Z
T Q T T
< — | = - -
< ET[ logZT] Ef [ZT log ZT},

and these inequalities become equalities for N = 1/Z.

Theorem 3.0.9 1. Forany Q € Q"¢ with density process Z and any X satisfying
(3.3), it holds that any tradable numeraire N = 1+9-S € N(S) in the extended
market (3.2) satisfies

N Z 1 T
Er [log N;} < Er {— log T} < iET {/ hidu} 3.7)

for all stopping times T <1 <T.

2. The former inequality in (3.7) is sharp: For any Q € Q"84 with density process
Z, there exists a real-valued X satisfying (3.3) (with d' = 1) such that N :=



Towards a theory of good-deal hedging 11

S'"(X,Q)/SH(X,Q) in N(S) is a tradable numeraire in the extended market (3.2),
satisfying

N. A

for all stopping times T <1 < T.
Proof: Equation (3.6) and the remark following it imply the claim. O

The first part of the theorem shows that Q"#¢ is defined such that all market exten-
sions (3.2) based on Q € Q"#4 will respect the good-deal bounds on expected growth
rates specified via h. The second part shows that the duality relation is sharp, in that the
duality bound (3.6) is attained by a suitable market extension with respect to a given
. Whether the second inequality in (3.7) is sharp and might be attained for some @)
with equality, in general depends on the market model under consideration. For in-
stance, if M were a singelton {@} with @ € Q"&d, the second inequality in (3.7)
easily becomes strict if A is taken somewhat larger.

4 A Financial Market Model with Ito-Processes

In the next sections, we are going to obtain more explicit results on good-deal valuation
bounds arrising from restrictions on expected growth rates, in comparison to the convex
duality results for general semimartingale models in the previous section. To this end,
we study a model where the dynamics of financial market prices S are described by Itd
processes on a Wiener space. This permits to use in Section 5 the well-developed the-
ory of backward stochastic differential equations (BSDEs) to describe the dynamics of
the good-deal valuation bounds and a corresponding notion of hedging more explictly.

An It6 process model

From the remainder of the paper, we strengthen the assumptions from Section 2 on the
underlying model, by assuming that the filtration F of our stochastic basis (2, 7, F, P)
is the filtration generated by an n-dimensional Brownian motion (Wiener process)
(Wt)ieqo,77» completed by nullsets. It is well known that F is then right-continuous.
Furthermore, we assume there are d < n risky assets whose price processes S =
(Sf)1<i<a are described by the unique solution to the stochastic differential equation
(SDE)

dSi=SidR:, t<T,1<i<d, 4.1)

with S} > 0, where the return process R = (R})1<i<q is given by the solution to the
SDE
th =Vt dt + oy th : (42)

We assume that v and o are predicable processes taking values in R? and R4*". The
volatility process o is taken to have full rank d, in the sense that

detoo™ £0 (P xdt—a.e.). 4.3)
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Denoting the market price of risk process by
¢ :=0"(o0") "y 4.4
one can write the SDE describing R compactly as
Ro=0, dR;=oy(&dt+dW,) = opdW,, t<T. (4.5)
We assume that there exists some € € (0, co) such that, for & from (2.5), it holds
h—|¢|>e (dP xdt—a.e.). (4.6)
By boundedness of &, this implies in particular that
the market price of risk process £ is bounded. “4.7)

Each S = S{E(R?) is a stochastic exponential and can be written explicitly as

t t
i = spewp ([ @+ [ = Flouotan)
0 0

For subsequent analysis, it turns out to be more convenient to describe trading strategies
not in terms of numbers ¥ = (%) of risky assets held, but instead by amounts of wealth
¢ = (¢}) invested in each of the risky assets. To this end, we define the set ®,, of
permitted trading strategies to consist of those predictable processes ¢ = (p!) which
satisfy

T
E / wgraﬂdt]<oo. (4.8)
0

The wealth process V' that is obtained from initial wealth V4 by investing according
to ¢ € @ is given by the solution to the SDE

AV, = @ dR, = ¢ oy (&dt + dW,) = o d W, (4.9)

where all occurring integral terms are being well defined thanks to

T T 3 T 3
/ €0t oyt < / ot o 2dt / &Pdt) < oo.
0 0 0

Remark 4.0.10 In the Itd process framework for the financial market .S in this section
the risky asset prices are modeled as continuous processes. This is like in the contin-
uous time models in [12] or [10], and different from [7] where asset prices can also
have jumps. On the other hand, differently from [12, 10, 7] our dynamics (4.1) do
not impose any Markov structure on the evolution of .S, neither alone nor jointly with
additional factor processes.
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Parameterization of strategies

Strategies ¢ in @, have as clear financial meaning in terms of wealth invested in the
risky assets. Still, it will be technically convenient to re-parameterize strategies in
terms of integrands with respect to dW = £,dt + dW;. To this end, let

Ci:=Imol", t<T,

denote the image (range) of o' € R™*¢, With any ¢ € ® one can associate the image
of ¢ under o', i.e. B
pr=o0t"¢r €Cy, t<T,

and write the evolution of wealth (4.9) conveniently as
dV = ¢ (&dt + dW) = ¢™dW . (4.10)
Welet @ := @, := {¢| ¢ = /"¢, € D, }. Then, by definition of D,

T
/ a2 dt| < oo} .
0
+

By applying the pseudo-inverse o' " := (00%) 1o to ¢ = o', one re-obtains p =
o " ¢. Hence, the relations o = 0" "¢ and ¢ = o' provide a bijection between
® = @4 and ®,. This allows to consider ¢ as the set of permitted trading strategies.

O =0, = {qb ‘ ¢ is predictable, ¢, € C; Vt, E

Let I, = Mg, and [} = IIo1 denote the orthogonal projections onto C; =
Im 0" = (Ker o)1 and Cj- = Ker o4 = (Im 0{")~, respectively, that are given by

I, : R" — C4, z =1 (2) i= o™ (0r0") Loyz, (4.11)

I : R™ — Cf, 2 I (2) i= (1d — 1) (2) . (4.12)

Clearly, any z in R® = C; @ C;* = Im o} @ Ker 0 has a unique orthogonal decompo-
sition
2 =10y(2) + 11} (2) = Iy 542 (2) + Hker o, (2)  in Gy Cf- (4.13)

Equivalent martingale measures

In the current setting of a Brownian filtration, the equivalent martingale measures ) €
Me for S can be parameterized quite explicitely.

In order to construct a martingale measure, one can use the Girsanov transformation
to eliminate the drift of .S. For instance, since £ is bounded,

dQ
ap g<_/€dW)T

clearly defines a probability measure @, which is known as the minimal martingale
measure, see e.g. [25]. Under @, the process

Wo=0, dW,=dW,+¢&dt fort<T, (4.14)
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is Brownian motion.
More generally, the density process Z of any equivalent measure () ~ P must be a
stochastic exponential

_dQ

Z, = %
LT ap

= 5(L)t=5(/)\dw) , t<T,
Fi t

with dL := %dZ being a local martingale of the form L = [ AdW for some predictable

A = \? with fOT |A|? dt < cc. By Girsanov’s theorem and Lévy’s characterization
We=w - / Adt is a Q-Brownian Motion.

Since -
o1 dWy = oy (& + Ny)dt + dWR)

holds, @ is in M€ if and only if o (§;+ ;) = 0 holds (P x dt-a.e.), that is )\? = =&+
with g, = ntQ € Ker 0; = Cj-. Hence, any equivalent martingale measure () for S must
have a density process of the form

_ dQ :g</)\dW) :5(—/§dW) 5</ndW> , t<T, (4.15)

Zt — dP
with A = —¢ + 7 satisfying —¢ = I1.(\) and n = II+(\) (P x dt-a.e.). Since on = 0
implies 1**¢ = 0, the second equality in (4.15) holds by Yor’s formula.

If d = n (as many risky assets as sources of noise), it thus holds that n = o~ 10 =0,
hence @ is the unique equivalent local martingale measure for S. In that case, the
market is complete by the strong predictable representation theorem.

The next result summarizes the convenient parameterization of Q and Qned,

Proposition 4.0.11 1. Any Q € Q has a density process Z = Z< of the form (4.15)
with a predictable process N\ = —& + n with Tl;(\;) = —& and TI-(\) = 1y,
satisfying fOT |NZdt < oco. In particular, £ = 0. The processes \, n, & are
unique (P x dt-a.e.). For QQ € orsd < Q, it holds in addition that |>\|2 =
€17+ n|* < B2

2. In turn, any predictable \ with |\|?> < h? and T1;(\;) = —&; (P x dt-a.e.) defines
a density process 7 of the form (4.15) for some Q € Q"8 with n =TI+ ().

3. For Q € Q, the Doob-Meyer decomposition (2.7) for —log Z is given by

M

§—ndW, (4.16)

1/t _
— | |\|?ds, t<T. 4.17)
0

Ay 5

Proof: Part 3 and the first claims of part 1 follows from the foregoing discussion,
and |A| < h (P x dt-a-e.) then holds by Proposition 2.0.3, which implies that the
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predictable set B = {|\| > h} is a nullset with respect to P x dt for A = A% from
Q € Qv&d. Concerning part 2, assumption |A|?> < h? and boundedness of h imply that
Z is a martingale and defines a measure () ~ P, which is martingale measure by the
foregoing discussion. The integrability condition (2.5) defining Q&4 is readily verified
for @ from |A\|? = [£]2 + |n|? < B2 U

Backward SDEs

This section introduces the notion and recalls some classical results on standard BSDEs
whose generator satisfies a Lipschitz condition, as stated in [15].
For p € (1,00), we denote by S%. = SZ(P) the space of real valued adapted RCLL

. 11/
processes Y with the norm ||Y|\s; = E [sup,<7 [V3]7] P < o0. Let HE = HL(P)
denote the space of predictable R™-valued processes Z with the norm ||Z ||H;% =

— 1/
E [(fOT |Z:]2 dt)p/Q} " < 0. Let BMO(P) denote the subspace of those Z € HZ(P)

which satisfy that there is some ¢ € R such that Fr [ fg |Z:]2 dt} < c for all stopping

times 7. For any Z in BMO(P), the process Z - W is called a P-BMO martingale.
The abbreviation BMO stands for ‘bounded mean oscillation’, see Chapter X in [17].
A (simplified) standard generator of a BSDE is a measurable function

f:(Qx[0,T] x R",P x B(R")) — (R,B(R))
which is such that f,(z) = f(w, t, 2) satisfies (f¢(0));<7 € H3, and P x di-a.e.
|fe(2) — fe(2)] < Lglz— 2| forall z,2 € R",

with some Lipschitz constant Ly < co. For given BSDE standard parameters (f, X),
which we take to be given by a standard generator f and a terminal condition X €
L?(P), a solution to the BSDE

YT =X and — dYt = ft(Zt)dt — Zt th s t < T, (418)

is a tuple (Y, Z) of processes in S2 x HZ, satisfying

T T
Yt:X+/ fu(Zu)du—/ ZdwW forallt <T. (4.19)
t t

Since it is sufficient for our purposes, we consider simplified generators f, in compar-
ison to [15], that do not depend on Y.

Proposition 4.0.12 For given standard BSDE parameters (f, X), there exists a unique
solution (Y, Z) € 8% x H2 to the BSDE (4.18).

This result holds by Theorems 2.1 and 5.1 in [15]. It ensures that unique solutions
exists for the BSDEs in subsequent sections. Let us note that, more generally, there
is even a unique (Y, Z) in Sg X HZ% (1 < p < o0) satisfying (4.19) if the BSDE data
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satisfy X € LP(P) and condition (f;(0));<7 € HZ is replaced by (f:(0)),<7 € H5,
see [15], Theorem 5.1.

The main argument for identifying solutions to optimal control problems in the se-
quel in terms of BSDE solutions is provided by the next result, which is a simplified
version of Proposition 3.1 in[15].

Proposition 4.0.13 For a family of standard parameters (f, X) and {(f*, X)}, with «
from an arbitrary index set, let (Y, Z) and (Y, Z%) denote the solution to the corre-
sponding BSDEs. If there exists & such that

ft(Zt) = ft&(Zt) = essainf fta(Zt), P xdt — a.e.,

then'Y; = ess inf Y, = Y2 holds for all t < T, P-a.s..

5 Good-deal valuation and hedging via BSDEs

In this section, we obtain a dynamic description for the good-deal valuation bounds,
that arise from no-good-deal restrictions on optimal expected growth rates. The valu-
ation bounds are given by the solutions to standard non-linear backward SDEs, whose
generator satisfies a Lipschitz condition. Moreover, we develop a corresponding notion
of hedging and show that also the hedging strategy is described by a BSDE.

Dynamic good-deal valuation bounds

In extension to Definition 2.0.8, let us define for X € L?(P) D L™

N

(X)) = esssup BC[X], t<
Qegnsd

5.1

Using an L? space for X fits conveniently with the present BSDE setting. As results in
the present section show, (5.1) induces a mapping L?(P) — L?(P,F;). Using results
from standard BSDE theory one can check that properties 1.-4. of Proposition 2.0.6 are
maintained for X +— 7#(X) (t < T) with X € L?(P) and that properties 5.-6. follow
from (5.1).

Lemma 5.0.14 Let Q) ~ P with density process %\F =: D = &E([ A\dW) for a pre-
dictable and bounded process \. Then there exists a unique solution (Y, Z) € S% X HQT
to the linear BSDE

Yr=X, —dYy=-N'Zdt— Z,dW,, t<T, (5.2)
for X € L?(P). MoreoverY is a Q-martingale and W*> := W — [ \dt is a Q Brownian

motion, satisfying

t
Yt:EtQ[X}:YO—i—/ Zdw*, t<T.
0

If X € L*, thenY is bounded and Z is in BMO(P), i.e. Z-W is a P-BMO martingale.



Towards a theory of good-deal hedging 17

Proof: Since ) is bounded, the parameters of the linear BSDE (5.2) are standard and it
has a unique solution (Y, Z) in S% X HQT. By application of Itd’s formula, the process
DY is seen to be a local P-martingale. Because D is in SZ.(P) for any p < oo, DY is
in S%_E(P) for any € > 0 and thus a P-martingale. Hence, Y is a (-martingale with
Y, = EQ[X]. f X € L™, Y — Yy = Z-W" is bounded, so Z - W* is a Q-BMO
martingale. This implies that Z - W is a P-BMO martingale by Theorem 3.6 from [19],
noting that dP/dQ|r = £(—X - W) holds for A - W* being a Q-BMO martingale due
to the boundedness of ). U

Recall that the density process of any Q € Q& is determined by the predictable
process 7 = n® = II*(A?) from Proposition 4.0.11. For any = n% let (Y7, Z") €
SZ x H3 denote the solution to the BSDE

—dYy = (=§'(Z) + 01 (Zy)) dt — Z,dWy, t<T,
Yp = X. (5.3)

We are going to demonstrate that the good-deal bound 7}*(X) is described by the
solution to the BSDE

(—ggrnt(zt) +4/h2 — &2 |H§(Zt)y) dt — Z,dW,, t<T,

Y = X. (5.4)

—dY,

Theorem 5.0.15 For X € L?(P), let (Y, Z) and the family (Y", Z") (for n = n® with
Q € Qved) be the solutions to the standard BSDEs (5.4) and (5.3), respectively. Then,
there exists Q = Q" € Q"84 corresponding (by (4.15)) to

0= 77(2 — Vv h* — |£t‘2HJ_(Z)
=N = o

0(2)]
such that )

Y; =esssupY' =Y, t<T, (5.5)
n

holds, with 1 ranging over all n = n° for Q € Q8. Moreover, the upper good-deal
bound for X is given by

Wf(X)zesssupEtQ[X]:EtQ[X]:Yt, t<T. (5.6)
Qegngd

This result not surprising. Noting the definition of the good-deal bound as a supre-
mum of conditional expectation, the equality (5.6) is basically a special case of the
dual representation for g-conditional risk measures (respectively, for non-linear g-
expectations), which are defined by solutions to BSDEs with suitable generators g,
see [4]. We give a short direct proof in our setting, to show how Proposition 4.0.13
provides the essential argument for the equality (5.6) and to identify 7 and @ explictly
for 7.
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Proof: Comparing the BSDE generators in (5.4) and (5.3), evaluated at Z, one sees
that for any 7 the inequality

—&L(Zy) + 0 T (Ze) < —€0TL(Z) + V02 — &P (Z0))]

holds (P x dt-a.e.) by the definition of Q"&9, since | — & 4 71|? = [£]? + |n|? < h? with
equality holding for 77 := /h2? — |&|211}(Z /|1'[l (Z)|. By Proposition 4.0.13 thus
follows (5.5). By Lemma 5.0.14, we have Y, = E?[X] for n = n? and ;" = EX[X].
Hence, (5.5) and the definition of 7*(X) imply (5.6). U

Dynamic good-deal hedging

We are going to show in this section, that a hedging strategy which minimizes a suitable
dynamic coherent risk measure is naturally linked to the good-deal valuation bounds.

To this end, let P& denote the set of those equivalent probability measures Q whose
density process is of the form £( [ AdW) for a predictable bounded process A with
|A| < h, that is

pred = {Q ~P ‘ =¢ < / AdW) for \ predictable with |A| < h} .5

The notation P& is motivated by the following observation. In Section 3, it has been
shown that the defining properties for 9"84(S) ensure two properties for any market
S = (S,8") (3.2) that is enlarged by an additional price process S’ which is obtained
by some pricing measure Q from Q"#4. Firstly, the enlarged market is free of arbitrage
since Q € M¢(S). Secondly, it does not permit investment opportunities whose ex-
pected growth rates exceed the good-deal restrictions. How would the situation be, if
we would take a step back and reduce instead of increase the number of risky assets?
Suppose we start from a trivial initial market without risky assets S where only the
riskless numeraire asset with price 1 is tradable. Since M¢(1) = {Q|Q ~ P}, the
integrability condition in the definition (2.5) of Q"4(1) yields Q"#4(1) = P1&d. That
means, P84 is such that any market (1, S’), whose price processes S’ are given by
(3.1) for some Q € P &4, does not permit trading opportunities that are ‘too good’.
In analogy to the definition of 7%(X) = 7%(X; Q"#%) in (2.16), we define

pi(X) :=esssup EC[X], t<T, (5.8)
Qeprad

for X € L?(P). Thatis, p(X) = 7%(X; @"#4(1)) is of the same ‘good-deal’-type as
T4(X) = 7%(X; Q"84(9)) but defined with respect to 1 instead of S.

Due to m-stability of "84, the mapping p satisfies by Proposition 2.0.6 the same
good dynamic properties (on L°°) as 7 and is thus a dynamic coherent risk measure.
By Proposition 5.0.16, X +— p,(X) induces a mapping L*(P) — L*(P,F;) and, in the
same way as with 7%, one can show that for p the properties stated in Proposition 2.0.6
for X € L even hold on L?*(P). By P& o gQned = Qnred(S), it is clear that
p(X) > 7" (X). We are going to show that 7}*(X) is obtained from p; (X — ftT o) d/W)
by minimizing over all permitted trading strategies ¢ € ®.
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To show firstly that p,(X) is described by the solution to the BSDE

—dYy = h|Zdt—Z;daWy, t<T,
Yr = X, (5.9)
we consider for any @ € P 84 the BSDE
—dY, = N'Zjdt— ZydW,, t<T,
Y = X. (5.10)

where A = A9 denotes the process in (5.7) that determines the density of Q.

Proposition 5.0.16 For X € L*(P), let (Y, Z) and the family (Y*, Z*) (for A = \@
with Q € P8d) be the solutions to the standard BSDEs (5.9) and ( 5;] 0), respectively.

Then, there exists Q = Q™ € P2 corresponding (by (5.7)) to A = \Q = hZ/|Z|, such
that N B
Y; =esssupY, =Y, t<T, (5.11)
Y
holds, with X ranging over all A = \? for Q € P 84, Moreover,
pt(X):esssupEtQ[X]:Et@[X]:Y}, t<T. (5.12)

Qe’pngd

Since the proof for this result is very similar to the one of Theorem 5.0.15, we leave
the details to the reader.

To motivate the next result on hedging, consider an investor who holds a contingent
claim and is obliged to pay the liability X at maturity 7. If he measures his risk by the
‘a priori’ dynamic coherent risk measure p;, he would assign at time ¢ the monetary risk
p¢(X) to his liability if he had no access to the financial market S. By dynamic trading
over the remaining period (¢, 7] according to some strategy ¢ € ®, he can transform

his liability to X — ftT 0] dw. Accessing his risk in terms of the risk measure p;, he
should thus aim to trade according to some ¢* which minimizes p; (X — ftT qbd/W)

at any time ¢t. We are going to show that this is a well-posed optimal control problem
whose value function turns out to be the good-deal bound 7}*(X) and whose optimal
strategy ¢* can be obtained from the solution to the BSDE (5.4).

To this end, we consider for any permitted trading strategy ¢ € @ the solution
(Y%, Z?) to the BSDE

—dY, = (=& +Mloe — Zy|) dt — ZydW,, t<T,
Y = X. (5.13)
This BSDE has a standard generator since i and ¢ are bounded and ¢ € ¢ = H%—,.
Theorem 5.0.17 For X € L2(P), let (Y, Z) and the family (Y?,Z?) (for ¢ € ®) be
the solutions to the standard BSDEs (5.4) and (5.13), respectively. Then the strategy
1 (2)]

MY/

E+11(2) (5.14)
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is in ® and satisfies
Y, =essinfV? =Y? |, t<T. (5.15)
ped

Moreover, the upper good-deal bound for X is given by

T T
(X)) =Y, =essinfp; | X —/ ddW | =pi [ X —/ o* dW (5.16)
€D t t

fort < T, and ¢* is the unique (P x dt) minimizer from ® for the infimum in (5.16).

Remark 5.0.18 1. Equation 5.16 shows, that the hedging strategy (5.14) minimizes
the a priori risk measure p; of the residual risk simultaneously for all ¢t < T'. Being
coherent, p is a monetary risk measure (see [2]) and the good deal bound can be
interpreted as the minimal capital required to make the position acceptable, after
optimal hedging according to ¢*.

2. By the relation 7¢(X) = —%(—X) between lower and upper good-deal bounds,
the result also yields the lower good-deal bound and the corresponding hedging
strategy. Since the BSDE (5.4) is non-linear, upper and lower bounds as well as
the respective hedging strategies are different, in general.

3. By (5.16) and (5.14), not only the good deal bounds but also the hedging strategies
are given explicitly in terms of solutions (Y, Z) to the BSDE (5.4).

4. If X € L?(P) is replicable by some ¢~ € ®, in the sense that X = ¢ + ¢~ - WT
with ¢ € R, then the solution (Y, Z) to the linear BSDE —dY; = —&/"Z; dt —
Z; AW, with Yz = X (see Lemma 5.0.14) satisfies Z = ¢~ and Y; = EC[X] =
¢+ ¢X - W, forany Q € Q"#4. Since ¢ € C; = Ker IT; holds, uniqueness of
the BSDE solution and (5.14) imply that ¢* = ¢~ .

5. Since good-deal bounds (5.16) and the corresponding hedging strategies (5.14)
are given in terms of solutions to standard BSDEs, they can be computed by
available numerical methods for BSDEs. Monte Carlo simulation methods for
BSDE:s are of particular relevance for problems in higher dimensions. We refer
to [8, 16, 6] and references therein for advances in this field.

Proof of Theorem 5.0.17: That ¢* from (5.14) is indeed in ® follows since Z is in HZ,
¢ is bounded (4.7), and |h| — || > € holds by (4.6). Comparing the BSDE generators
evaluated at Z, we obtain by Lemma 6.0.20 that for any ¢ € ® the inequality

—&" bt + heldr — Zo| > =& (Ze) + (/3 — |&)? [T (Zy)]

holds (P x dt-a.e.) with equality holding for ¢*. Hence, equation (5.15) follows by
Proposition 4.0.13. The first equality in (5.16) thus holds by Theorem 5.0.15 since
the BSDE solution is unique. To show the remaining equalities in (5.16), let Y, =
Y, —o" - Wt (t < T). Noting that by definition of ¢* and Lemma 6.0.20

~EIZ) + B — (G20 + €67 = hilZ0 - 6]
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holds, it follows that
—dY, = —dY; + &7 ¢1dt + 67 dW, = hy| Zy — ¢;1dt — (2, — ¢} )dW, .

Hence, equation }N’t = pt(}N/T) holds and adding ¢* - Wt on both sides we obtain
Y, = py (YT - j;T qS*dW). By analogous arguments one obtains the inequality Y; <

Pt (YT — jtT 0] dW) for any ¢ € ®. This yields the last equality for (5.16).
U

Equation (5.16) justifies to define the unique minimizer ¢* as the good-deal hedging
strategy for X corresponding to the good-deal valuation bounds 7*, with respect to the
dynamic coherent risk measure p and the strategy set .

It is a natural idea to define a hedging strategy for a contingent claim as the optimal
strategy which minimizes some risk measure. Contributions in this direction can be
found in several papers, including [3, 4, 9, 18, 21], and the result of Theorem 5.0.17
with respect to p belongs to the same family. Mathematically, the result of Theo-
rem 5.0.17 fits well within the general theory for inf-convolutions of (BSDE-induced)
risk measures, see [3, 4]. Indeed, Theorem 5.0.17 proves via Lemma 6.0.20 that the
generator in the BSDE (5.4) for 7* is equal to the inf-convolution of the generator in
the BSDE (5.9) for p with the (formal) generator —¢,; Z;, restricted to Z € C}, for the
risk measure that is induced by (super-)hedging opportunities in the market; see Sec-
tion 3.8 in [4]. In this sense, we have worked out a concrete solution to a dynamic
inf-convolution problem. In sections 3-4 of [21], a BSDE similar to (5.4) has been
obtained for a prototypical model where the martingale component of the risky asset
prices is given by independent Brownian motions. As with [3, 4], the focus of [21] is
on the minimization of risk measures but proofs make less use of BSDE theory.

Despite these close relations, the perspective for our problem is in the following
aspect opposite to that of the literature cited. For us, the starting point has been not a
given a-priori risk measure from which a so-called market-consistent risk measure is
to be found (see [4]) by optimal risk-sharing (hedging) with the market. Instead, we
have started from the good-deal bounds 7%, which are already market consistent, and
have constructed a suitable ‘a priori risk’ measure p in order to find a dynamic notion
of good-deal hedging that can be associated to 7. By this complementary perspective,
we address the problem raised in the final conclusions of [7] about linking good-deal
valuation to a suitable theory of hedging, what seems to have not been elaborated in
the literature so far to our best knowledge.

Since 7}*(X) is the minimal risk (with respect to p;) that is obtainable by optimal
hedging when holding the (liability) position X, the position X — Y; (Y; € L?(P, F;))
just becomes acceptable at ¢, in the sense that 7j(X — Y;) < 0, for Y; = np(X).
Considering Y; = 7}(X) as the minimal capital required at ¢ (with respect to p;) to
hold position X, the process ny — 73 + ¢* - W, can be interpreted as the tracking
error of the hedging strategy ¢* and it is of interest to study its properties, following
Remark 4.1 in [21]. In our setting, Theorem 5.0.17 readily yields

Corollary 5.0.19 Under the assumptions and notations of Theorem 5.0.17, the track-
ing error m (X ) — (X)) + fg o% dW, (t < T) of the good-deal hedging strategy ¢* is
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a submartingale under any QQ € P8 and a martingale unter the measure Q* € P&
corresponding (by (5.7)) to the bounded process

|H#(Zt)| g HL 7
/12 P t t ( t)
)\t . 7ht ht |£f|

B (2,
e gz

Noting that positive signs of the tracking error correspond to gains and negative signs
to losses, the result can be interpreted as a robustness property of the hedging strategy
with respect to the family 7784 of probability measures as generalized scenarios (cf.
[2]), with Q* being a worst case scenario in terms of the (conditional) expectation
of additional funding needed to maintain the capital requirements when holding on to
position X.

In the special case where the contingent claim X is replicable in the sense of part 4
of Remark 5.0.18, the tracking error vanishes (hence is a martingale under any mea-
sure) and equation (5.17) yields A = 0 and thus Q* = P.

. t<T. (5.17)

Proof of Corollary 5.0.19: First, note that the tracking error process is in S%*E(Q)
(e > 0) for any Q € P& since it is in SZ(P) and the density dQ/dP is in L? for any
g < co. Using Theorem 5.0.17, it follows from (5.14) and (5.4) with Y; = 7}*(X) that

—~ h2
—dYi+¢;dW; = t|Htl(Zt)|dt+(

Vhi =&

for t < T. Since the minimum

115 (Z,)]

Vhi =&

& — Hf(zt)) dW, (5.18)

. t(z h?
H)l\ln )\Er <t(t)|§t — Hf(Zf,)) = —7t|HtL(Zt)| )

t \/h%_|ft|2 Vh?—|§t|2

taken over all \; in R™ with [A\;| < hy, is attained (P xdt-a.e.) by the predictable process
A from (5.17), the claim follows from (5.18) by a change of measure argument.

6 Appendix

This section states a result on a deterministic convex optimization problem, which is
needed for the proof of Theorem 5.0.17. We recall our convention that % =0.

Lemma 6.0.20 Assume h > 0 and &,z € R™. With d < n, let 0 € R%*"™ be a matrix
with full rank d, and let T and TI- be the orthogonal projections on the linear sub-
spaces C := Im o* respectively C+ = (Im o)L = Kero in R™. Let ¢ € C and
assume h > [€|.
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1. For fo(¢) :== —E"¢ + h|o — 2|, the ordinary convex minimization program

m;n fo(¢) with ¢ € R™ and linear constraint II'-(¢) =0 (6.1)

attains its minimum value
fol¢™) = =€"T(2) + /h? — €2 [T+ (2))| (6.2)
at the unique minimum

o = 7|HL(Z)| E+1(z) inC. (6.3)

Vo

2. The maximization problem maxy A% z over A\ € R™ with constraint |\| < h attains
its maximum at \* = hZ with (A2 = hlz|.

Proof: 1. We prove that the Kuhn-Tucker conditions are satisfied. Since the convex
function fj is differentiable for ¢ # z, its subgradient 0 f(¢) at ¢ is simply the gradient

h
8f0(¢)=—§+|¢_z|(¢—z) for ¢ # z.
Noting that
N (NG SN D
it follows that
B2 €2
b= TR mgps b

At ¢ = z, the subgradient of f; includes the closed ball in R™ with radius h — |£] > 0
around the origin, hence

{geR"||gl <h—|¢]} C afo(¢") wheng" = 2. 6.5)

In either case, there exists by (6.4) and (6.5) a vector of Lagrange multipliers A* € R"
such that
I (A") € 0fo(¢7). (6.6)

The constraint IT1+(¢*) = 0 is satisfied by ¢* since ¢ and I1(z) are in C' = Ker IT+.
Since (¢*, A*) satisfies the Kuhn-Tucker conditions, optimality of ¢* in (6.3) is ensured
by the Kuhn-Tucker theorem, see [24]. Direct computation yields (6.2). If [T+ (z) = 0,
then f; is strictly convex at ¢* = z since h > |¢|. Otherwise, if II1(z) # 0, the
restriction of fo onto C' = Im IT = Ker II* is strictly convex, in particular at ¢* from
(6.3). Overall, this implies uniqueness of the minimum.

2. This is obvious from [A*"z| < |A||z] < h|z].
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